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AKTYyanbHOCTb

* B obriactn aBToMaTUYECKOro aHanm3a apryMmeHTaTuBHoOro
ONCKYypCa eCTECTBEHHOIO s3blKa MAEHTUdMKALMA NOrMYeCKnX
OLINBOK (dbanbcmnmdukaummn) urpaeT BaXkHY pOJib, MOCKOSbKY
MOXET ObITb onpeaensaowmnMm NpM3HaKkoM A9 OLEHKN KavecTBa
aprymeHtauumun. Kpome 1oro, asToMmaTM4eCcKoe BbisiBIIEHNE
NTOTMYECKMX OLLUMOOK MOXET ObITb NMOJIe3HO ANA pa3BUTUA CUCTEM ‘
OeTekunn aesnHdopmaLmm 1 UHCTPYMEHTOB pas3BUTUSA @ Tt
KpUTU4eckoro mbiwneHusa. ObHapyXeHue Norm4eckux onbok oo it o @
MO>XHO MUCMNONb30BaTb HE TOSIbKO Anst 6opbbbl C e Ll T
nesvHdopMaLmen, HO 1 B IOPUAMYECKON cdepe nnu B obyveHnu,
4YTOObI NOMOYb NAAM AymMaTb bonee Kputudecku. OrpoMHyto
POrb aBTOMaTUYECKNA aHanu3 urpaeT U B NONUTUYECKUX S |
KaMnaHusax, KNMMaTUYeCKUX PUTOpuKax 1 B MeguLmHe. P, ) S v

might wanna fact check

* [lo gpaHHbIM nccnenoBaHus, B 2023 rogy Konn4ecTBo Konumn
doenkoB yBenuniunockb Ha 25% no cpaBHeHuto ¢ 2022 rogom. Ha
KoHeL, 2023 roga oxxuaaeTcs pocT Konn4yecTBa Konmnu doenkos A0
12,5 MINH Npu coxpaHeHun TpeHaa.




BBeaeHue

* 3abnyxageHus nlyyatotcst co BpeMeH [lpeBHen ['peuunu,
ewe ApuctoTernb paccMaTpuBan UX Kak cTpaTeruto
aprymeHTauum, ucnosib3yemyto ass oomaHa onrnoHeHTa B
Crope U HEYECTHOro AOCTMXKEHNA nobeabl.

* Yto Takoe 3abnyxaeHue (anrn. fallacity)? CornacHo
onpegeneHuto lyrnac Hun YontoHa (19995), 3abnyxaeHune
- 9TO KIHYEBbIE BUAbI OLLMOOK U YNOBKN B
aprymeHTauum, KoTopble 4YacTo BBOAAT B 3abnyxaeHue
N1 3anyTbiBatlOT Y4aCTHUKOB B OObIYHbIX MOBCEAHEBHbIX
cnopax u obcyxaeHusx.




Kak pacno3HaTtb 3abnyxaeHve?

* OBbHapyxeHune pparmMeHTa OLLNMDOOYHOro paccyXaeHusa He ABNSIETCHA TPpUBUanbHOM
3agaden n TpebyeT 3HaHUK B LUMPOKOM CriekTpe obnacten, Yto genaet 3Ty 3agady
CITOXXHOW. Bo-nepBbIX, BaXXHO YMETb aHann3npoBaTh NIOTMYECKOE pacCyXaeHune, nexatiee
B OCHOBE apryMeHTOB Ha €CTECTBEHHOM A3blke. [1ns 9Toro HeobxoaANMo BbIAENNTL
abcTpakTHblE U pbopMaribHbIE KOMNOHEHTHI N3 HEPOPMaAribHOro aprymMmeHTa Ha
eCTEeCTBEHHOM SI3bIKE.

* Bo-BTOpbIX, TBEpPAbIE 3HAHUA B 0ONacT 06Cy>XAEeHNA UMEIOT NepBOCTENEHHOE 3HaYeHme. False Equiva|ence
ApPryMeHT MOXeT ObITb JTOTMYECKN KOPPEKTHBIM, HO NMPY 3TOM OLLNMOOYHBLIM, KakK B cny4yae i
HedopmanbHbIX owndok (Walton, 1987). NoaToMy TOMBKO C NOMOLLLIO NOMHOro aHanmsa
BO3MOXHO onpeaennTb, ABndeTcs N aprymeHT Ha eCTeCTBEHHOM A3blke OLLIMDOOYHbIM, a
TaKKe BbIABUTb NPUYUHBI, NO KOTOPbIM OH ABMIAETCA TaKOBbIM.

Argues two or more things are the same, despite key differences

, Apples & fomafoe
are both fruits,
y, so they're the same! 4

Y 1 think we're
{  missing something
important. :

* [locnepoBaTenbHbIN CNOCOD NPOBEAEHMSI TAKOro aHann3a — 3TO UCNOSib30BaHME
NPOBEPEHHbLIX MOAENEN apryMEHTaLUN, KOTOPbIE OXBaTbIBAKOT MOHATUE OLUMOKK. B
nutepartype obinu NnpeanoXeHbl U N3y4YeHbl pasnnyHble MOAENN; OAHUM N3 NPUMEPOB o38s
ABMAETCA nparma-guanektnyeckas teopusa aprymeHtaumm (Van Eemeren n Grootendorst,
2016), B KOTOpPOU aBTOPbI ONPeaensaoT AeCATb NpaBui Ans HanpaBfieHUs
aprymMmeHTaTmMBHbIX AUCKYCCUI. BbINonHeHMe 3TUX npasuil No3BoNAET co3aaTh
N1o4oTBOPHOE OOCYXXOEHUE, HO apryMeHT, HapyLuatoLwumn nobdoe n3 aTux npasus,

CYMTAETCH OLLNOKOWN.



NpaBuno ceoboabl:
Y4acTHUKM HE OOMMKHbI NPEnATCTBOBaTbL APYr APYry B
BbIABMXXEHUN UM OCNAapUBaAHUN TOYKN 3PEHUS.

NpaBuno 6pemMeHn goKa3aTesnibCTBA:
CTOpoHa, BblaBUratoLasi TOuKy 3peHust, obsazaHa ee 3almTuTb,
ecnu ob 9ToM NOMNpPOCAT.

[MpaBUNO TOUYKU 3PEHMUS:

Hanagkn Ha TOYKY 3peHUa OO KHbI OTHOCUTLCS K TOUN TOYKE
3peHust, KoTopasi AENCTBUTESNbHO Obifia BbiCKa3aHa gpyrom
CTOPOHOMN.

NMpaBuno peneBaHTHOCTU:
Touka 3peHnst MOXET 3aLlmLLaTbCSA TOSTbKO C MOMOLLbIO

dpPrymeHToB, KOTOpbl€e UMEKT OTHOLLEHUNE K 9TON TOYKE 3PEHUA.

I'Ipanmo HeBblPaXeHHbIX MNOCbLIJTIOK.

YYacTHUKMN HE OOJKHbI NPUNUCbIBATb APYr Apyry
HEBbIPa>XEHHbIE MOCbLIJTIKN NJTN OTPULATb OTBETCTBEHHOCTDb 3a
CBOWM COBCTBEHHbIE HEBbIPa>XEHHbIE MNMOCbLIJTIKA.

NMpaBunno ncxogHbIX NO3NLUMN:
Y4YacCTHUKN ONCKYCCUU HE MOTYT OTKa3blBaTbCs OT COrnalleHunu,
KacatoLLMXCA UCXOOHbIX NO3ULUIA ONCKYCCUMN.

MpaBuno BanuOQHOCTU:

PaccyxaeHuns gormkHbl ObITb JTOTMYECKU KOPPEKTHBIMU NN
TakKuMK, KOTOPbIE MOTYT ObITb cAenaHbl KOPPEKTHLIMU NYyTEM
YTOYHEHUA OQHON UNU HECKOMNBKUX HEBbIPAXXEHHbIX MOCHLISOK.

[MpaBuno aprymeHTaTUBHOU CXeMbl:

Touka 3peHnst JoMmKHa 3aWmaTbCa C UCNOSIb30BaHUEM
NoaxoAAaLWMX CXeM apryMeHTaunm, KoOTopble NPUMEHSIOTCS
KOPPEKTHO.

[MpaBuno 3aBepLUEHUS:

HeynadHasa 3awimnTa TOYKM 3peHUA OOSKHA MPUBECTU K OTKa3y
CTOPOHbI OT 3TON TOYKU 3peHUd, a ycnelluHas 3awmTta goJKHa
NPUBECTU K CHATUIO COMHEHMW OPYron CTOPOHOMN.

MpaBuno SICHOCTU:

Y4YacTHUKM He OOMKHbI UCnofb3oBaTb POPMYNUPOBKU, KOTOPLIE
HEACHbI, ABYCMbICNEHHbI NN 3anyTaHHbl, U OOMMKHbI
NHTEPNPETUPOBATbL apryMeHTbl APYyron CTOPOHLI MakCMMaribHO
4YEeTKO U TOYHO.

Frans H. van Eemeren
Rob Grootendorst

ARGUMENTATION,
COMMUNICATION,
AND FALLACIES

A Pragma-Dialectical Perspeclive




AprymeHTauums

NMHOyKuus

* VHOyKTMBHbIE paccyXaeHUa U3BnekarT
BEPOATHYIO (HO HE ONpeaeneHHyto)
NPeanoCbISIKY U3 KOHKPETHbIX N OrpaHUYeHHbIX
HabnaeHnn. ECTb AaHHbIE, a 3aTEM U3 HUX
OenarnTcs BbIBOObl — 3TO HA3blBAETCH
MHOYKTUBHOW JTOTUKOMN.

* [Mpumep: 9 BUXKY CBETIIAYKOB HA CBOEM
3aQHEeM OBOpe KaXkaoe NneTo, rmnoresa: 9TUM
NIETOM $1, BEPOATHO, YBUXKY CBETNAYKOB Ha

CBOEM 3aJHeM ABope

V4

NHAYELUNS




AprymeHTauums

Henykuus

* [1pn ncnonb30BaHMN apryMeHTaLnm B TEX UNN UHbIX 06NacTaXx,
3a4acTylo obpallaoTca K AeayKTMBHOMY noaxoay. Kapack - naafaem

°* B OeayktMBHOM paccyXOeHUn ecTb nepsBaga npeanockinka, 3aTem
BTOpas Npeanocbifika n, HakoHeL,, BbiBO4 (OCHOBaHHbLIM Ha
paccyXOeHuax 1 gokasartesibCcTBax).

* [1pocTton npumep: “y BCeEX NAyKOB BOCEMb HOr. TapaHTyn-3To nayk.
CnepoBaTtesnbHO, Y TapaHTynoB BoceMb Hor . PacnpocTpaHeHHOU
dopMOonN OeAYKTUBHbLIX paccyXgeHun aBnaeTca CUNorn3m, KOTopbin |
OCHOBbIBAETCS Ha crneayoLwemM npaBuiie: ecnm y Hac ecTb ‘“H'a"ﬁ""“”“\
ON3bIOHKUKA (nornyeckoe "nnun") AByX yTBEPXOAEHUN, N OOHO N3 3TUX e
YTBEPXOEHUN NOXHO, TO ApYroe AOJIKHO ObiTb UCTUHHO. NOCHIARA

NoOCHIAK

* [Mpobnema: gormkHa CTPOUTCSA HA UCTUHHBIX NPeanoChInKax, YTo He Peiba - naataem Kapack-peida

BCerga npeacraBnaeTcs BO3MOXHbIM, MO3TOMY CYLLECTBYIOT UHbIE
METOAbl PaCCyXAEHNN, O KOTOPbIX TOBOPAT aBTOPbI CTATbW.



AprymeHTauums

[MpeanonoxurenbHas aprymeHTaumsa n onpoBepXxXnmasa apryMmeHTauus

* [pepnonoxunTtenbHasa apryMmeHTauus - B NIOrMKe N pUTOPMUKE OTHOCUTCA K
aprymeHTam, KOTOpble OCHOBbLIBAOTCS Ha NPEeAnoSyIOXeHNAX NNy JoNyLWeHusX, a
He Ha abCcornTHO AOCTOBEPHbIX hakTax. ATOT TUM apryMeHTaumm 4acTo
MCMNONb3YETCH, Koraa NnpsaMble JoKa3aTenbCcTBa OTCYTCTBYOT UMK KOraa
HeobxoaMmo caenaTth BbIBOA HA OCHOBE MMEILLMXCH JaHHbIX

°* OnpoBepXnUmasa aprymeHTauma — 9TO TUN apryMmeHTaLuunmn, KoTopbin
OCHOBbLIBAETCS Ha NPEANONOXEHUAX, KOTOPblE MOTYT ObITb ONPOBEPIHYTLI UMK
nepecMOTPEHbI NPU NOABNEHUN HOBbIX PAKTOB UMW AOKa3aTenbCTB. B oTnnymne
OT AeAYKTUBHOW NOTNKKU, rae BbiBOAbl 00Aa3aTenbHO CrneayT U3 NOCbINOK, B
ONPOBEPXMUMOW apryMeHTaLumn BbIBOAbl CHUTAOTCS NMpaBaonoao0bHbIMKU, HO He

A0COJTIOTHBIMMW.



NcTopua NoCTpoeHnsa apryMmeHTaTUBHbIX CXeM

* Perelman and Olbrechts-Tyteca, in The New Rhetoric (1969) - Bblgenunu n onpegenunu
MHOXECTBO pa3finvyHbIX BUOOB apryMeHTOB, UCMOSb3yeMbIX And yoexaeHmns cobecegHuka
Ha NnpeaBapuUTesibHON OCHOBE

* Arthur Hastings’ Ph.D. thesis - npeanoxun donee cucremaTuU4eckyro Knaccudpunkauymio,
nepeyncrinuB MHOXeCTBO 13 3TUX CXeM BMECTE C NoJIe3HbIMN NpUMepaMun, YTO NOCNYXXUIO
npegnocbinkon K Toulmin warrant (mogenes TynmuHa)

* Eemeren and Grootendorst (1984; 1992). Kienpointner (1992) - pa3spaboTtanu
BCEOOBHLEMIIIOLLLEE ONMUCAHUE CXEM apryMeHTaunmn, KOTOpoe BKNOYaET AeAYKTUBHbIE U
MHOYKTUBHBbIE, a TakXe npeanonioXnteribHble CXEMbI.

* (Walton, 1996) - pa3paboTarn crnncok npeanosioXnTernbHbIX CXeM apryMmeHTaumnm



AprymMmeHTauuoOHHbIe CXeMbl YONTOHA

Argument from Position to Know (Version |)

* “Major Premise: Source a is in a position to know about things in a
* certain subject domain S containing proposition A.
* Minor Premise: a asserts that A (in Domain S) is true (false).

* Conclusion: A is true (false).”

Korpa Y4aCTHUK Aunarora BblaABUraeT apryMmeHT u oOH COOTBETCTBYET YKa3aHHbIM BblLLE Tpe6OBaHI/IFIM, TO OH HeceT OI'Ipe,EI,eJ'IeHHbII7I BEC KaK rpeanosioxxeHnme. OOHaKko OH MOXeT

ObITb ONPOBEPrHYT NOCPEACTBOM KpUTUYECKNX BonpocoB. COOTBETCTBYIOLLNE apryMEHTY M3 NO3ULIMN 3HaHUSA TPU KPUTUYECKMX BoMpoca npuBeaeHsl B paboTte YonTtoHa (1996, c.
62).

Mprumep KPpUTUYECKMX BONPOCOB ANA AAaHHOMN CXeMbl aprymMeHTaumm

°* CQ1:Is ain a position to know whether A is true (false)?
* CQ2: Is a an honest (trustworthy, reliable) source?

°* CQ3: Did a assert that A is true (false)?

Korga y4acTHUK anarnora BblABUraeT apryMeHT U3 No3uunmn 3HaHus, ONMNOHEHT MOXET 3afaTb NoO0N U3 3TUX TPeX KpUTUYEeCKUX BonpocoB. Kak Tonbko BONpoC 3a4aH,
NpeanonoXuTenbHblA BEC, KOTOPbIA apryMeHT UMen A0 3Toro, oTMeHsieTcs. Ho ecnm y4acTHUK npeaocTaBnsieT NpueMnemMblin OTBET Ha BOMPOC, BEC BOCCTaHaBMBaETCS.
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AprymMmeHTauuoOHHbIe CXeMbl YONTOHA
Appeal to Expert Opinion (Version |)

Major Premise: Source E is an expert in subject domain S containing proposition A.
Minor Premise: E asserts that proposition A (in domain S) is true (false).

Conclusion: A may plausibly be taken to be true (false).

ObpalleHne K MHEHMIO SKCnepTa nNpeacrasndeT codbon onpoBepxnmyto doopmy aprymeHTtaunm (defeasible argumentation scheme), kotopas He
OOJTKHa BOCNPUHUMATBLCA Kak He noaniexawiasd comHeHuto. CyllecTByeT eCTeCTBeHHAs TEHAEHUMA yBaXaTb 3KCnepTa, U NO3TOMY HaMm TPyAHO
CTaBUTb NOA COMHEHUE CrioBa 3KcrnepTa. TeM He MeHee, obpallleHMe K MHEHMIO SKCnepTa ny4lle BCEro paccMaTpmBaTth Kak NnpeaMeT KpUTUYECKOro
Boripoca. B pabote YonTtoHa (1997, c. 223) npeanaraetcsl LLECTb OCHOBHbIX KPUTUYECKNX BOMNPOCOB.

1. Expertise Question (Bonpoc 06 akcnepTHocTn): How credible is E as an expert source?

2. Field Question(Bonpoc o cdpepe): Is E an expert in the field that A is Iin?

3. Opinion Question(Bonpoc o6 yteepxaeHun). What did E assert that implies A?

4. Trustworthiness Question(Bonpoc o HagexHocTn): Is E personally reliable as a source?

5. Consistency Question(Bonpoc o cornacoBaHHocTH): Is A consistent with what other experts assert?

6. Backup Evidence Question(Bonpoc o noaresepxaatowinx gokasartenbcreax): Is A’s assertion based on evidence?

11



[Tpumepbl 3adnyXaeHun no YontaHy

* Ad hominem (aTtaka Ha nn4yHOCTb). Koraa apryMeHT HanpasrieH NPOTUB YeroBeKa, a He
NPOTUB €ro aprymMeHTa.

* Appeal to emotion (obpaLleHmne K amoumnsam): Korga aprymMeHT nbiTaeTca MaHUNynmpoBaTh
AMOLMAMU, YTOOLI MOBIUATL Ha PELLEHUE, @ HE UCMNOMNb3YET NIOTUKY NN PaKThbl.

* Red herring (KkpacHasa cenbab): Korga aprymeHT HaMepeHHO OTBIEKAET OT OCHOBHOMU TEMbI,
BBO/Sl HOBYIO, HE CBSAI3aHHYO C 0bCcyXOeHUEM.

* Hasty generalisation (nocnelwuHoe 0606uieHne): Koraa genaetcs BbIBO4 Ha OCHOBE
HEeJOoCTaTO4YHOro KofindecTBa AaHHbIX UNN HEPENpPe3eHTaTUBHON BbIOOPKW.

* Irrelevant authority (HepeneBaHTHbIM aBTOPUTET): Koraa apryMeHT onmpaeTcs Ha MHEHMeE
aKcnepTa, KOTOpbIN He ABNAETCA KOMMNEeTEHTHLIM B AaHHOM obnacTu.

12



TpeboBaHUA K apryMmeHTaumm

[1na aBToMaTn4yeckoro onpegeneHnsa aprymeHtaumm Heobxoanmo BbINoriHeEHUE 4
CBOUCTB

(1) YMeTb MakcumarnbHO 3axXBaTbiBaTb HEABHbIE PACCYXXOEHNA aBTOpPa,
(i) BbbITb YOOOHBLIMKM ANA MalUMHHOW 06paboTKu,

(ill) bbITb NONE3HbIMK ANA NPUKNagHbIX 3agav

(iv) CoxXpaHsATb NPOCTOTY aHHOTALUUN YENOBEKOM

OOHaKko cxema aHHoTauun YonToHa TpebyeT OT aHHOTaATOPOB PYYHOro CoO3adaHus
npeanoXXeHMn Ha eCTECTBEHHOM A3blKe ANA HESABHbIX 3anOfHUTENEN CIOTOB (T.€.
cBoucTBa (i) u (Iv) He y4YnTbIBaloOTCA).

13



LLIaGnoHbI aprymMmeHToB

* AHHOTMpPYeMble LabnoHbl (ApryMeHTHbIE

LLIAOMOHBI NN AT), KOTOPbIE NMO3BONAIOT Argument: / took an NLP class, an advanced
course in Stanford. I suggest not taking further

I peﬂ,CTaBMTb paCCymﬂleH A aBTOpa 6e3 advanced courses because they will hurt your GPA.

I pe,EI,J'IO>KeH M Ha eCTECTBEHHOM A3bIKE, (b) Argumentation Schemes (waiton 2008) - -

KOrda 3allOJIHUTEJIN CJINI0TOB HEABHDbI. OHu Scheme: Argument from Consequence

3axBaTbIiBalOT Oa3oBoOe paccyxaeHune
MeXay ABYMSI apryMmeHTaTUBHbIMIA

A| = further advanced courses
Premise: If|A|is brought about,

CCIaim: A| should not be brought about.

Support

~ Operationalized

cermeHTamu B apryMmeHTaTuBHOM bad consequences will ocour
(b’) Argument Templates (Reisert+ 2018) < - - -
OTHOLueHI/“/I (AR) C MCI—IOnb3OBaHmeM Template: Argument from Consequence-Al-53

Claim: BAD(|A))
A| = further advanced courses

Premise P: [A| SUPPRESS |C]|, GOOD(|C))
C|l= GPA

OBYX TUMNOB NPUYNHHbLIX METOK
(Hanpumep, PROMOTE n SUPPRESS).

Support

14




LLIaGnoHbI aprymMmeHToB

Halwa 3agaya — BbISIBUTb pacCyXaeHne Mexay HAMW, BbINOMNHMB [ABa
wara;:

(i) BoibpaTtb WabnoH u3 npeaonpenerneHHoro Habopa wabnoHoB
(aprymeHTHble WwabsnoHbl (AT)), raoe Kaxabin WabnoH koaupyeT
NPUYNHHYIO METKY

(i) MHcTaHumpoBaThb WabsioH Yepes 3anofiHeHne croToB., rae cnoT
CBA3aH C peneBaHTHOW, MPOU3BOSIbHOW Ppa3on B UICXOOQHOM TEKCTE.

[epBbin War — naeHtTudpukaumsa AT: "S1, ueneBon CErMeHT OTHOLLEHUS
(T.e. St), yTBEPXOAET, YTO X HE AOJTKHO ObITb COBEPLLUEHO (T.€. MMNOX0),
NOTOMY UYTO S2, ICXOAHbLIN CETMEHT OTHOLLEHMUS (T.€. SS), YTBEPXKOAET,
4YTO X MNOX0, MOTOMY YTO, KOrga X NPOUCXOOUT, Y, XOPOLLUKA
00bekT/cobbiTne, OyaeT nogaBnen".

BTopon war — nHctaHunpoBaHue WwabsioHa NyTeM 3anoSIHEHUS CITOTOB
X Ny ppasamu n3 TekcTa: x = "B3umMaTb nnaty 3a oby4yeHue", y = "npaBo
Ha obpasoBaHune"”. Kognpysa npuvnHHbIE METKW, aHHOTaTopam borbLue

He TpebyeTcs BPYUHYI KOHCTPYUPOBATb HEABHbLIE 3aMNOSTHUTESIN CITIOTOB

15
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S,:| German universities should not charge tuition

S.:

Input: Argumentative Relation

Sees.

_—
-

Every German citizen has a right to education,

Argument Templates

5
Arg. Templates
[ ]

SLOT !

FILLING™,

S;:

BAD(E )

SUPPORTC

S'suppress
@

',,x"'(’)’[ltput: Instantiation of arg. structure

TEMPLATE
SELECTION




LLIaGnoHbI aprymMmeHToB

HabGop aprymeHTOB

* Habop aprymeHToB (ATSs) c ncnonb3oBaHnem Kopryca arg-

microtexts (Peldszus n Stede, 2015a), koTopbIn NpeacTasnsaeT
cobon Kopryc py4HOW KOMIMOHOBKU aprymMmeHToB. Kopryc cogepXut
112 apryMmeHTaTUBHbLIX TEKCTOB, KaXXObl U3 KOTOPbIX COCTOUT

NPUMEPHO N3 NATU CErMeHTOB, BKIMOYaloLLMX BOMNPOC NO TEME SUPPORT TEMPLATES ATTACK TEMPLATES
NOMUTUKA, OCHOBHYIO NPETEH3MI0 1 HECKOMNBKO NPeANOChINOK. o] || 5. oo o[ cooly] || s.[ ooy
Kaxkgbll apryMeHT B TEKCTE npeacrasnaeT cobom nonmutmuyeckoe o FROMOTE SUPPRESS surees —PROVOTE
paccyXgeHue, roe Kaxxgada Tema nogaepXnBaeT unm onposepraeT S coont@my | || S emormmy S| cooot@y | || %] sorpy
HeoOXoAMMOCTb BbIMNOMNHEHUSA onpederieHHoro aencreua. Kpome AT-S1 AT-S2 AT-A1 AT-A2
TOrO, K&KAbIN apryMEHTaTMBHbLIN CErMEHT Obinl aHHOTMPOBAH CBOEN o[ womy] || s [ sormy [ oy ] || s [ womg
nosuymen (NPOTUBHMK UMM CTOPOHHWK) MO OTHOLLEHMIO K BOMPOCY SUPPRESS, PROMOTE PROVOTE SUPPRESS
TeMbI. 357 aprymMeHTaTuBHbIX cBs3en (ARS) mexay cermeHTamm S: Gooo@y | || | eaoimy S| cooni@y | ||| esormy
ObIn BPYYHYO0 aHHOTUPOBaHbI Kak oTHowweHnsa SUPPORT (cermeHT AT-S3 AT-S4 AT-A3 B4

nogaepXnBaeT NPUeEMNEMOCTb APYroro apryMmeHTaTuBHOro
cermeHTa), ATTACK (cermeHT atakyeT npnemMnemMoCcTb 4pyroro
aprymeHTtatusHoro cermeHta) unn UNDERCUT (cermeHT atakyeTt
apyryto AR), rae kaxxgoe oTHolleHue coctaBnaeT 62,7% (224/357),
23,5% (84/357) n 13,8% (49/357) coOTBETCTBEHHO.
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Argument: / took an NLP class, an advanced

LLIaGnoHbI aprymMmeHToB

yn y "‘I m e H H bl ﬁ B a p M a H T advanced courses because they will hurt your GPA.

a) Fallacy Classification o
(a) (Jin+ 202¥; Sourati+ 2023; etc) | aulty Generalization

Placeholder-bi (A, A', n C): (b) Argumentation Schemes (waiton 2008) - -

Scheme: Argument from Consequence

( Claim: should not be brought about.

i
|
|

A: OCHOBHOE MHOXECTBO AENCTBUN UNN 06 BLEKTOB (Hanpumep, "npoaBuHyTble Kypchl"). [A] = further advanced courses E
|
|
|
|

Support

Premise: If [A] is brought about,

Operationalized

A" TloamHOXecTBO A, crieumduyeckoe gencTemne nnm obbLeKT (Hanpumep, "Kypc rno odbpaboTke eCTeCTBEHHOIO SA3blKa bad consequences will occur.
(N |_P)")_ (b’) Argument Templates (Reisert+ 2018) < - - -
Template: Argument from Consequence-AT-S3

Claim: BAD([4))
= further advanced courses

: Premise P: [4] SUPPRESS [C], GOOD(C
OwwnboyHas reHepanusaums: Owmnbka Bo3HMKaeT, koraa A’ (TOAMHOXECTBO A) MPMHUMAETCS 3a XapaKTepPUCTUKY Bcero A i )

: = GPA
Hanpumep: (c)|Fallacy Logic Structure (Our work)

Template: Faulty Generalization #2

Premise P': [A'| SUPPRESS [c], GOOD([c))
|A'| = NLP class, [C] = GPA

c [4] but 4’| = [A] implicitly assumed

C: HekoTopasi xapakTepucTuka nunm pesyrnbTaTt, CBSA3aHHbIN ¢ A (Hanpumep, "Bbicoknn cpeaHum bann (GPA)").

Support

Ecnn Ha ocHoBaHuM ogHoro KoHkpeTHoro Kypca (NLP) genatoT BbiBOA4 O BCeX "NPOABUHYTHLIX Kypcax".

-

Fallacious
Support

[Tpmep c rapakom:

A= "rapax".
C= "3aBblLLEHHbIE LieHbI". Faulty Generalization
Argument: My friend recently claimed that a
JNoruka: Napaxun B LeNoM rnogo3peBarTCcs B 3aBbILLEHNN LIEH (HeraTVIBHaFI XapakKTepuncTuka C cBsizaHa C A). mechanic at a certain garage overcharged
her, and the evidence on her receipt seems
~ . to support this accusation. Consequently, |
OpaHako pacCcMaTpmnBaeTCA KOHKPETHbIN Cily4aW. would advise against taking your vehicle
" on " there to prevent being overcharged yourself."
A'= "mexaHuk".
T D~ [A-garage
I— " ” 0 T [C]= overcharged
C'= "0OH 3aBbICUI LEHY KINNEHTKe". Eiliod ;2P [A")= mechanic
T5 v [C')= overcharged her
] i - P
BbiBoa: Ecnn mexaHuk 3aBbICK LIEHY, 3TO UCMONb3YeTCs Kak AoKasaTenbCTBO TOr0, YTO "BCE rapaxuv 3aBblLUatoT s e (D T S —
LEeHbl " - [mechanic] PROMOTE [overcharged her]
- [mechanic] is a subset of [garage]
. . ; : - [overcharged her] is a subset of [overcharged]
ToroBasa cyTb: TeKCT 4EMOHCTPUPYET, Kak OLLNOKK B apryMmeHTauunmn noasndroTCAd, KOrga cCBOMCtBa NnogMHOXeCTB (A n C) Conclusion: [garage] SHOULD NOT BE
HeODOOCHOBaAHHO pacnpoCTpaHAKTCA Ha Bce MHOXeCTBO (A n C). 3To MeeT BaXkHOe 3Ha4YeHue Ans aHannsa n noHMMaHus BROUGHT ABOUT

NOrnYyecknx owmnbok, a TaKkke NpeaB3saTbiXx 0000LEHNN.
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Buabl LWabnoHOB aprymeHTauumu

dokyc nccnegoBaHug:

OTO UccneaoBaHne KOHLEHTPUPYETCH Ha
aHann3e AprymeHTa OT nocneacteun,
KOTOPbLIN YaCcTO UCNOMb3YEeTC4H, HO
NoaBePKEH OLLMDOKaM.

[1ns1 9TOro ncnonb3yrTcs WabnoHb
aprymeHToB (no npumepy Reisert et al.,
2018), 4TOObI BbISABUTL CTPYKTYPY
JIOrMYECKMX OLMBOK (HanpumMmep, NOXXHbIX
BbIBOOOB).

Takon nogxoq nomoraeT nydlle
aHann3npoBaTb pPacrnpoCcTpaHEHHbIE
OLLUMOKKM B aprymeHTax u npegocrasnder
LLMPOKME BO3MOXHOCTU AN4
aHHOTUPOBAHWUA.

Fallacy of Credibility

A should not be brought about

o MOV
=LIFPOR

=S WO

- - DG
SUPPRESS

b

1 PROMOTE

#1 X

T
iy

#2

:hou

d be brought about
[ ]

SUPPRESS

e _"I_""ul_"
L [

=B AT

LA s

A
M~

T PROMOTE
X

#3

A should be brought about
=UPPOR
PROMOTE GO0DI(C
T PROMOTE
X

A

should not be brought about
‘EUFFTH'
A ~BAD(C

2RO ||' |

1 PROMOTE
X

No template
can be
instantiated

#5

F

alse Causality

A should not be brought about

[

A should not be brought about

A should be brought about

A should be brought about

No template

SUPPOR] SUPPOR SUPPOR ‘ SUPPORI can be
.-":'1 =" VO .-':'1 =LA N .-':|1 =S .-"j. =2 AW i i
SUPPRESS ~G00D(C SROMOTE  BADI(C SROMOTE G00D(C SUPPRESS BAD(C instantiated
f SUPPORT T SUPPORT T SUPPORT 1 SUPPORT
A
#1 RELATED 7O > C0OD(C) | #2 RELATEDTO > DAD(C) [ #3 RELATED TO > C00D(C)| #4 RELATEDTO > BAD(C) | #5
False Dilemma
SUPPRESS PROMOTE PROMOTE SUPPRESS
B > G0O0D(C) —A >BAD(C) -A > GOO0D(C) "A >BAD(C) | No template
SUPPORT SUPPORT SUPPORT SUPPORT
can be
A should be brought about A should be brought about A should be brought about A should be brought about | instantiated
& ' '
=UPPORT UPPOR ‘ SUPPORT sUPPOR
# |7 SromoTE  PUORIG] #2 A UPF ~BAD(E #3 |7 SUPPRESs - ooWP(C)] #4 A prOMOTE - oholC #5
Faulty Generalization

A should not be brought about

A

SUPPORT
.l"-ﬂ'| _|_| =5 |_: E - S - ."'I | B
T SUPPORT
#1 | AA SUPPRESS > GO00D(C|C")

A should not be brought about
[

A
~

#2

AlA’

_"|_""'.' 1
AW L

. _"I_""ul_"
o L [

A=A

E BALIL

A
~

T SUPPORT

PROMOTE

#3

> BAD(C|C')

AlA’

A should be brought about
&

=UPPOR
T SUPPORT
SROMOTE > ¢00D(C|C)

A should be brought about

‘EHFFTH'

.ﬂ' =B AN
SUPPRESS BADIC
1 SUPPORT
AlA"—sUFPRESS © BAD(CIC)

No template
can be
instantiated

#5
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AHHOTUPOBAaHME AAaHHbIX C MOMOLLbLIO LLAONIOHOB apryMmeHTauum

GWET AC1 — meTpuka, ucnosnbdyemasa ons nuamepeHuns cornacoBaHHOCTU Mexay
aHHoTaTopaMu, KoTopas y4YnUTbiBAeT BEPOATHOCTb CIly4YanHOro cosrnageHus.

Krippendorff's a — yHnBepcarnbHas MeTpuka corfiacoBaHHOCTU, MPUMEHUMAs K
pas3nnUyHbIM TMNam AaHHbIX (HOMWUHasbHbIM, MHTEPBAnbHbLIM U T.4.).

Hanbonbluasa cornacoBaHHOCTb:

False Causality (JloxxHasa npuumHHocTe): GWET AC1 = 0.71, Krippendorff's a = 0.65.

OTO 0O3HA4aeT, YTO aHHOTaTOPbl HANMbOSIee TOYHO U COrnacoBaHHO KraccuuuupyoT
3TOT TUN OLLUMOKWN.

HanmeHbluasa corfnnacoBaHHOCTb:

Faulty Generalization (Owunbo4Haga reHepanusauma): GWET AC1 = 0.40,
Krippendorff's a = 0.36.

OTOT TWN OWNOKN OKa3asics camMbIM CIIOXKHbIM OS5l COrfacoBaHHOM Knaccnudomnkaunm.
CpegHue 3Ha4YeHus:

GWET AC1: 0.57.

Krippendorff's a: 0.54.

B cpegHeM cornacoBaHHOCTb MeXAy aHHOoTaTopamMu YMEpeHHas!, HO He BbiCOKas

Frequency

Frequency

False Dilemma Faulty Generalization

2

Frequency
= [N
(=] o
1 1

=]
L

3 4 5 1 2 3 4 S
Template # Template #

False Dilemma Faulty Generalization

e
L=
i

hJ
Q2
i

o
I
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Frequency
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L=

3 4 5 1 2 3 4 5
Template # Template #

Frequency

Frequency

= [ Lt o
= L=
i

=
L

= ] L Fe
(=] =] (=] (=]
'l i

o
I

= ] [=]
1 1

False Causality

1 2 3 4
Template #

False Causality

Frequency

1 2 3 4

Frequency

]

Pt
=
1

-
[=]
1

=
L

= Pd
o L= =]
I 1 ']

Fallacy of Credibility

1 2 3 4 5
Template #

Fallacy of Credibility

& &

1 2 3 4 5

Fallacy Type GWET AC1 Krippendorii’s
o'
False Dilemma 0.63 0.44
Faulty Generalization 0.40 0.36
False Causality 0.71 0.65
Fallacy of Credibility 0.58 0.49
Average 0.57 0.54




CUHTeTn4YecKkue naHHbIe

OCHOBHbI@ MOMEHTHbI:
[Togxoabl K reHepauun gaHHbIX:

Zero-shot: gpt-3.5 reHepupyeT npumMepbl NOrM4eckon owmnbkn 6e3 npegocTaBreHns NPUMEPOB B MNocKaske
(Tonbko onuncaHue Tuna ownbku 1 dopma BbiBOAa — Hanpumep, NpeanoXeHne, TBUT UMW BOMPOC-OTBET).

Few-shot (1, 2, 5-shot): B nogckasky nobasnsotca 1—5 npMMepoB NorM4yeckon owmnodKu, nocrie 4Yero Moaesb
reHepUpyeT Takoe Xe KOJTMYECTBO HOBbLIX MPUMEPOB.

Few-shot-context: NMoMmnumo npumepoB oLNMOKN, NOACKa3Ka BKNOYAET JOMNOSTHUTENbHbBIA KOHTEKCT
(NnpegbiayLine n nocrnegyroLlme NPeanoXeHns), n Moaenb reHepupyeT NPMMeEpPbl BMECTE C KOHTEKCTOM.

KOHTpOJ'I b Ka4e€CTBa OaHHbIX:

,D,J'IFl Kakgoro Tuna oLmnoKu reHepnpyeTcd oanHakoBoe KOJin4eCcTBoO NpmMMepos, YTOObI N3YHNTb, KaK
Ka4eCTBO CUHTETUNHECKUX OaHHbIX 3aBNCUT OT Pa3HbIX TUMNOB NMNOA4CKAa30K.

cknoyaroTcs YacTble 1 ManopasHoobpasHbIe OLNOKM, Hanpumep:
Loaded Language (amoumoHarnbHO HarpyXeHHble CrioBa).

Name Calling (ockopbneHns nnn HasewwmMBaHUe SPJIbIKOB), KOTOPbIE BCTPEYalTCA TONMbKO B OAHOM Habope
naHHbiX (PROPAGANDA).
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Original
Data

Prompt

Your task is to perform the following actions:

1. Read the sentence that has the fallacy of Irrelevant
Authority and its provided context. The sentence and
context below are both delimited by <>.

2. Generate a similar example of one sentence and its
context of the Irrelevant Authority fallacy. The con-
text should be a bigger chunk of text that includes the
sentence, similar to the provided example sentence and
context below.

Your generated output should be in JSON format with the
following keys: generated_sentence, generated_context.

: <Carlson cited Dr. Robert Epstein who has
said, in Carlson’s words, “Google alone could determine
the outcome of almost any election just by altering its
search selections and we would never know it.”’>

: <Carlson cited Dr. Robert Epstein who has said,
in Carlson’s words, “Google alone could determine the
outcome of almost any election just by altering its search
selections and we would never know it.”. Dr. Robert
Epstein is a social scientist and an expert on Google. >

Generated Qutput
{

"generated_sentence’: 'As a dog groomer, [ can tell you
that the earth is flat.’,

"generated_context’: "While most people accept that the
earth is round, one dog groomer is convinced otherwise.
As a dog groomer, I can tell you that the earth is flat.
Dogs are great navigators, and they always sense when
the ground is flat or sloping.’

}

ff /

>
|

‘.f/ |
Prompt }—»I
\

Prompt

. | |

Syntheic [ |

Data I‘I ‘II
".,‘ ‘.\
zero-shot \ -

AN

few-shot full shot

» Fallacy



ApXUTEKTYpPbl CUCTEM ANA OOHapyXeHusa hanbcudpukaumn

* KnaccuuumpoBaTb TEKCT CHa4yana Ha
HanML_“/Ie q)eIZKOB, a npl/l HaJ-IML“/“/I .....................................................................

Natural Language Input

TaKOBb|X, KﬂaCCl/lel/lLl.l/lpOBaTb NX Ha ............. E— ........................ |
noasunabl danbcuunkaumnm | lﬂlili | [Ftecy entter]
Y \ 4

[Fallacy Classifier]

VY YOV

* [lpon3BoauTb MHOIOKIAaCCOBYIO
Knaccudoukaymio
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Model Precision Recall Macro-F1 Model Precision Recall Macro-F1 Model Precision Recall Macro-F1

RB 21.6 24.6 18.6 RB 471 47.0 46 4 RB 22.9 22.1 22.4
eSVM 68.3 55.8 60.3 eSVM 77.8 77.5 77.7 eSVM 69.6 65.5 67.1
RoBERTa 68.2 65.3 66.5 RoBERTa 79.8 79.6 79.6 RoBERTa 75.4 78.0 76.2
GPT-3.5-TURBO 59.0 46.2 45.5 GPT-3.5-TURBO 41.7 46.2 40.6 GPT-3.5-TURBO 51.7 46.4 44.6
GPT-4 53.5 55.0 51.7 GPT-4 53.2 53.2 51.1 GPT-4 60.4 60.0 58.3
eSVM+[ctx] 67.3 50.0 54.4 eSVM+[cix] 76.8 74.0 74.8 eSVM-+[ctx] 79.7 72.1 74.8
RoBERTa+[ctx] 62.0 58.4 59.9 RoBERTa+[ctx] 78.0 78.8 78.3 RoBERTa+[ct] 79 3 79 6 79 3
GPT-3.5-TURBO+[ctx] 50.2 32.1 35.8 GPT-3.5-TURBO+|[citx] 47.1 48.8 43.5 GPT-3.5-TURBO+[cix] 459 38.1 35.1
GPT-4+[ctx] 54.4 51.2 50.8 GPT-4+[ctx] 56.6 56.7 54.1 GPT-4+[ctx] 587 57.0 557
Table 3: Precision, Recall and Macro-F1 results of the Table 4: Precision, Recall and Macro-F1 results of the Table 5: Precision, Recall and Macro-F1 results of the
5-class fallacy detection task. [ctx] represents the con- 2-class fallacy detection task. [ctx] represents the con-

4-class fallacy classification task. [ctx] represents the

textual information added to the input of each model. textual information added to the input of each model. contextual information added to the input of each model.
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3aKnr4veHue

* BbINK N3y4yeHbl OCHOBHbIE METOAbl apryMeHTaLun, a Takke nx
PA3HOBUAHOCTMN: apryMeHTauMOHHbIe CXeMbI, LLAabnoOHbI apryMeHTaunu;
cnocobbl GOPMUPOBAHNSA CUHTETUYECKUX JAHHbBIX N aPXUTEKTYPbl CUCTEM AN

onpegeneHna oanbcudukaumm B TeKCTax
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VNCTOUYHUKN

* Large Language Models are Few-Shot Training Example Generators: A Case Study In Fallacy
Recognition (https://arxiv.org/pdf/2311.09552)

* Flee the Flaw: Annotating the Underlying Logic of Fallacious Arguments Through Templates and
Slot-filling (https://arxiv.org/pdf/2406.12402v1#page=9&zoom=100,401,94)

* Detecting Argumentative Fallacies in the Wild: Problems and Limitations of Large Language Models
* Argumentation Schemes and Defeasible Inferences

* Detecting Fallacies in Climate Misinformation: A Technocognitive Approach to ldentifying Misleading
Argumentation (https://arxiv.org/pdf/2405.08254#page=13&zoom=100,133,508)

* ArgNetBank Studio — nnatdopma gna mogenupoBaHua n aHanmnsa API'YMEHTALIMA B anckypce.
(https://uniserv.iis.nsk.su/arg/)
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HoBocubupckmnn ['ocygapcTtBeHHbIN YHUBEPCUTET

Teopua aprymeHTaumMm n uccneagoBaHume
MeToA4O0B (POPMUPOBAHUA KOPNYyCOB
OaHHbIX U OOHapyXeHnsa oenKoB Ha OCHOBeE
apryMmeHtTauum

KpaByeHko Tumoden MakcumoBud 24225.1
PykoBogutens: Cnooposa E.A., goueHT kadp. CN1 OUT

HoBocunbupck 2025
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